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Realization of multi — senser data

fusion in lonworks
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Abstract The concept of the multi-sensors data fusion is described. It mainly include decision of tributary sta-

tions approach of fusion and how to work out false probability and detection probability after data fusion. The ob-

ject of this paper will be alarm of fire in community. How to compress transmit and fusion the data with the

Neuron in Lonworks will be introduced. At the same time how to program with neuron chip is introduced. At last

the result of multi-sensor’ s data fusion and the single sensor’ s is compared.
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Fig 1 System structure
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Fig 4 Modeling results for a force sensor
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